Synthesizing Motion with Relative Emotion Strength
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Figure 1: Overview of the proposed methodology.
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4.2 Motion Representation
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4.3 Learning the Ranking Function
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6.3 Evaluating the Learned Ranking Function
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6.4 Computational Cost for the Training Tasks
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Table 1: Ranking accuracy of the trained anger ranking func-
tion on unseen motion data.
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Table 2: Ranking accuracy of the trained happiness ranking
function on unseen motion data.
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Table 3: Computational cost (in seconds) for training the
ranking function using different motion features.
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Figure 2: Visualizing the closeness of the training motions in (left column in each motion type) latent space (projected by PCA)
and (right column) sequential order based on the emotion strength computed using the learned happiness ranking function
on different motion types. Motions are colored according to the ground truth emotion labels: Happy (cyan), Neutral (red) and

Sad (green).
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Figure 3: Visualizing the closeness of the training motions in (left column in each motion type) latent space (projected by PCA)
and (right column) sequential order based on the emotion strength computed using the learned anger ranking function on
different motion types. Motions are colored according to the ground truth emotion labels: Angry (grey) and Neutral (red).
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Table 4: Computational cost (in seconds) for training the
non-linear regression function using different motion fea-
tures.
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7 CONCLUSION AND DISCUSSIONS
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Figure 4: Knocking motions with (a) Angry and (c) Happy emotion expressions in the training data and the corresponding
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Figure 5: Throwing motions with (a) Angry and (c) Happy emotion expressions in the training data and the corresponding
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Figure 6: Lifting motions with (a) Angry and (c) Happy emotion expressions in the training data and the corresponding synthe-
sized motions (b) and (d) created by our proposed method.
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